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Abstract

Motivated by the pricing of first touch digital options in exponential Lévy models and
corresponding credit risk applications, we study numerical methods for solving related
partial integro-differential equations. The goal of the paper is to consider advantages of
the Laplace transform-based approach in this context. In particular, we show that the
computational efficiency of the numerical methods which start with the time discretization
can be significantly enhanced (often, in several dozen of times) by means of the Laplace
transform technique. As an additional result we provide a new Wiener-Hopf factorization
formula which admits an efficient numerical realization by means of the Fast Fourier
Transform. We propose two new efficient methods for pricing first touch digital options
in wide classes of Lévy processes. Both methods are based on the numerical Laplace
transform inversion formulae and a numerical Wiener-Hopf factorization. The first method
uses the Gaver-Stehfest algorithm, the second one deals with the Post-Widder formula.
We prove the advantages of the new methods in terms of accuracy and convergence by
using numerical experiments.

Keywords: Jump processes, Factorization theory, Laplace transform, Computational meth-
ods, Mathematical finance

1 Introduction

In recent years more and more attention has been given to stochastic models of financial markets
which depart from the traditional Black-Scholes model. At this moment a wide range of models
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is available. One of the tractable empirical models are jump diffusions or, more generally, Lévy
processes. For an introduction on these models applied to finance, we refer to [12].

In the paper, we study the problem of pricing of first touch digital options in exponential
Lévy models. We concentrate on the one-dimensional case and consider the model case of a
continuously monitored option with a barrier from below. The problem is also important for
credit risk applications, where the default events are often modeled as barrier crossing events
and intra-horizon risk applications (see e.g. [17], [3]).

Let T, H be the maturity, barrier, and S; = He™* be the stock price under a chosen risk-
neutral measure. The riskless rate r is assumed to be constant. We consider a first touch digital
with a barrier from below H and and an expiration date T. The contract pays $1, as a stock
price S; for first time the crosses the barrier H. If up to the date T the price does not cross
the barrier H, the option becomes worthless.

Then the no-arbitrage price of the first touch digital option at time ¢ < T and X; =z > 0
is given by

F(t,7)=E [e_r(T,_t)szgT | X, = gg] , (1)

where 77 is the first entrance time into (0, H].

The problem (1) is closely related to calculating first-passage probabilities. If the riskless

rate r = 0, then
P[T'<T| X, =x]=F(tz). (2)
In the latter case, the expectations F(¢,z) are taken under the physical probability measure.

Option valuation under Lévy processes has been dealt with by a host of researchers, there-
fore, an exhaustive list is virtually impossible. One can find up-to-date surveys of the state of
the art in computational finance and detailed bibliographies for further reading in [11]. The
large group of numerical methods for pricing path-dependent options starts with the reduction
to a boundary problem for the generalization of the Black-Scholes equation (backward Kol-
mogorov equation, [7, 12]). Then the methods typically use either a time discretization (the
method of horizontal lines), see e.g. [13, 19, 28, 31], or Laplace transform with respect to the
time variable, e.g. [34, 32, 29, 26, 40].

In the former case, one obtains a sequence of the certain stationary boundary problems
for integro-differential equations on the line. Problems of the sequence can be solved by using
either a finite difference scheme (e.g. [13, 33, 30]), or using the Fast Wiener-Hopf factorization
method (FWHF-method), [28]. Usually one needs at least several hundred steps in time to
achieve good accuracy (within 0.5%-1%). The FWHF-method is based on an efficient approx-
imation of the Wiener-Hopf factors in the exact formula for the solution and the Fast Fourier
Transform algorithm. In contrast to finite difference methods where the application entails a
detailed analysis of the underlying Lévy model, the FWHF-method deals with the character-
istic exponent of the process. Numerical examples with the comparison of the FWHF-method
and finite difference schemes are reported in [28]. The paper [18] provides a formal solution to
the continuously monitored double-barrier option using Toeplitz operator theory.

The Laplace transform-based approach is applicable if the characteristic exponent of the
underlying Lévy process is rational. The basic examples are the Brownian motion, Kou’s
model and its generalization, the Hyper-Exponential Jump-Diffusion model (HEJD). In this
case, the Laplace transform is derived explicitly from the distribution of the first passage time
by applying the Wiener-Hopf factorization method. Once the Laplace transform is calculated,
one uses a suitable numerical Laplace inversion algorithm to recover the option price. If the set
of the option prices is needed one should repeat the procedure separately for each initial spot
price of the underlying.



The general formulae for the prices of the barrier options in the Laplace domain involve
the double Fourier inversion (and one more integration needed to calculate the factors in the
Wiener-Hopf factorization formula), and hence it is difficult to implement them in practice In
the general case, one can also approximate the initial process by Kou’s model or by an HEJD,
and then use the Laplace transform method (see e.g. [14, 22]). However, the additional source
of the errors appears.

The goal of the paper is to show the advantage of the Laplace transform-based approach in
the context of the option pricing under general Lévy processes. The idea behind our approach
is to transform the problem to the Laplace domain where the solution is relatively easy to
obtain by using the Fast Wiener-Hopf factorization method (or a finite difference scheme). The
methods developed in the paper, in contrast to the other Laplace transform methods described
above, can be applicable for the characteristic exponent of the general form. We will show that
the Laplace transformation technique significantly reduces the computational complexity of the
FWHF-method as well as finite difference schemes. We provide the order of the convergence
of the horizontal lines method for the generalized Black-Scholes equation in the case of first
touch digital options, and give the acceleration of the convergence formula. As an additional
result we provide a new Wiener-Hopf factorization formula which admits an efficient numerical
realization by means of the Fast Fourier Transform.

The Laplace transform maps the generalized Black- Scholes equation with the appropriate
boundary conditions into the one-dimensional problem on the half-line parametrically depen-
dent on the transform parameter. In our first approach, we solve the problems obtained by using
the FWHF-method at real positive values of the transform parameter specified by the Gaver-
Stehfest algorithm. Then option prices are computed via the numerical inversion formula. The
second new approach is based on the Post-Widder formula.

We prove the advantages of the new methods in terms of accuracy and convergence by
using numerical experiments. The methods achieve good accuracy (within 0.5%-1%) in few
milliseconds, even near the barrier. Hence, these methods can be effectively used for calibration
of Lévy models to barrier options.

The rest of the paper is organized as follows: in Section 2 we list the necessary facts of
the theory of Lévy processes. Section 3 reviews the Fast Wiener-Hopf factorization method
developed in [28], suggests a new Wiener-Hopf factorization formula which admits an efficient
numerical realization by means of the Fast Fourier Transform, and introduces two enhanced
FWHF-methods based on the numerical Laplace transform inversion. In Section 4, we pro-
duce numerical examples, and compare the results obtained by different methods; Section 5
concludes.

2 Lévy models

2.1 Lévy processes: general definitions

A Lévy process is a stochastically continuous process with stationary independent increments
(for general definitions, see e.g. [39]). A Lévy process may have a Gaussian component and/or
pure jump component. The latter is characterized by the density of jumps, which is called the
Lévy density. A Lévy process X; can be completely specified by its characteristic exponent,
v, definable from the equality E[e*X®)] = ¢ (we confine ourselves to the one-dimensional
case).



The characteristic exponent is given by the Lévy-Khintchine formula:

2 +oo

v =& —ine+ [ (-t igyLy ) Fldy) )

o0

where o2 > 0 is the variance of the Gaussian component, and the Lévy measure F(dy) satisfies
/ min{1,y?} F(dy) < +oo. ()
R\{0}

Assume that under a risk-neutral measure chosen by the market, the stock has the dynamics
S; = eXt, where X; is a certain Lévy process. Then we must have E[e*t] < 400, and, therefore,
¥ must admit the analytic continuation into a strip ¢ € (—1,0) and continuous continuation
into the closed strip ¢ € [—1,0]. Further, if the riskless rate, r > 0, is constant, then the

following condition (the EMM-requirement) must hold (see e.g. [7]): E[e*t] = €. Equivalently,
we have the relation
r+y(=i) =0, (5)
which can be used to express the drift p via the other parameters of the Lévy process:
02 +oo
w=r-— ?—1—/ (1 —=e 4yl <1)F(dy). (6)

The infinitesimal generator of X, denote it L, is an integro-differential operator which acts
as follows:

0.2 +00
Lu(x) = gu”(x) + pu'(x) + /_ (u(z +y) —u(z) — yly<1v' () F(dy). (7)

o)

The infinitesimal generator L also can be represented as a pseudo-differential operator (PDO)
with the symbol —(§), i.e. L = —1(D). Recall that a PDO A = a(D) acts as follows:

“+oo

Aulz) = (2m) [ ealg)ile)ds ®)

—00

where 4 is the Fourier transform of a function w:

+00
a(§) :/ ey (x)dx. (9)
Note that the inverse Fourier transform in (8) is defined in the classical sense only if the
symbol a(&) and function @ (&) are sufficiently nice. In general, one defines the (inverse) Fourier
transform by duality.

2.2 Regular Lévy processes of exponential type

Loosely speaking, a Lévy process X is called a Regular Lévy Process of Exponential type (RLPE)
if its Lévy density has a polynomial singularity at the origin and decays exponentially at the
infinity (see [7]). An almost equivalent definition is: the characteristic exponent is analytic in
a strip SE € (A, A1), A. < =1 < 0 < Ay, continuous up to the boundary of the strip, and
admits the representation

(&) = —ipg + ¢(8), (10)
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where ¢(&) stabilizes to a positively homogeneous function at the infinity:
d(&) ~ cxl€]”, as RE — oo, in the strip FE € (A, \}), (11)

where ¢y > 0. “Almost” means that the majority of classes of Lévy processes used in empirical
studies of financial markets satisfy conditions of both definitions. These classes are: Brownian
motion, Kou’s model [24], Hyperbolic processes [15, 16], Normal Inverse Gaussian processes
and their generalization [4, 5], and extended Koponen’s family. In [23] a symmetric version was
introduced; [6] gave a non-symmetric generalization; later a subclass of this model appeared
under the name CGMY-model in [10], and [7] used the name KoBoL family. The important
exception is Variance Gamma Processes (VGP) [35]. VGP satisfy the conditions of the first
definition but not the second one, since the characteristic exponent behaves like const - In ||,
as & — 00.

Example 1. The characteristic exponent of a pure jump KoBoL process [7] (a.k.a. CGMY
model [10]) of order v € (0,2),v # 1 is given by

(&) = —ipg + (=) [N = (Ap +18)" + (=A-)" — (=A- —1€)"], (12)

where c >0, p € R,and A\ < =1 <0 < A,
Example 2. If Lévy density is given by exponential functions on negative and positive
axis:
F(dy) = 1(—oe0) () Ap Yy + Lo p00) (y) e (=A)eN,

where ¢ > 0 and A\_ < —1 < 0 < A4, then we obtain Kou model [24]. The characteristic
exponent of the process is of the form

o, icy & ic_§&
WO =&~ S e

(13)

It is easy to show that Kou model is a compound Poisson process with double exponentially
distributed jumps. Denote p € [0; 1] the probability of the upward jumps, A the arrival rate of
jump sizes. Then we have ¢y = A(1 — p), c. = Ap, and positive and negative jump sizes have
exponential distribution with intensity —A_ and A\, respectively.

2.3 The Wiener-Hopf factorization

There are several forms of the Wiener-Hopf factorization. The Wiener-Hopf factorization for-
mula used in probability reads:

Ele’¥T) = B[e*XT|E[e"*Xr], V¢CR, (14)

where T' ~ Exp ¢, and X, = SUPg<s<; Xs and X, = info<s<; X are the supremum and infimum
processes. Introducing the notation

¢ (&) = qFE {/000 e_qteigXtdt] =F [e’fXT] , (15)
b, (&) = qF {/OOO eqteifxtdt] =F [eing} (16)

we can write (14) as
FoE — %9, (17)



The equation (17) is a special case of the Wiener-Hopf factorization of the symbol of a PDO. In
applications to Lévy processes, the symbol is ¢/(¢ + 1(€)), and the PDO is &, :==¢/(¢ — L) =
q(q+(D))~!: the normalized resolvent of the process X; or, using the terminology of [8], the
expected present value operator (EPV-operator) of the process X;. The name is due to the
observation that, for a stream g(X;),

—+00
Eg(x)=FE [/ qe "g(Xy)dt | Xo = x| .
0

Introduce the following operators:
+._ 4
& = ¢y (D), (18)
which also admit interpretation as the EPV—operators under supremum and infimum processes.

One of the basic observations in the theory of PDO is that the product of symbols corre-
sponds to the product of operators. In our case, it follows from (17) that

E, =88 =E& (19)

as operators in appropriate function spaces.
For a wide class of Lévy models £ and £F admit interpretation as expectation operators:

“+00

E9(x) = /_m g(x +y)Py(y)dy, & g(x) = / 9(x +y) P (y)dy,

o0 —0o0

where P,(y), P;=(y) are certain probability densities with

+0,)
PF(y) =0, VEy <0.

Moreover, characteristic functions of the distributions F,(y) and Pqi(y) are
q(q+v(€))"" and ¢F(€), respectively.

2.4 The generalized Black-Scholes equation

The price of any derivative contract, F(t, X;), will satisfy the Feynman-Kac formula, that is to
say
(O +L—r)F(t,x) =0, (20)

where = denotes the (normalized) log-price, ¢ denotes the time, and L is the infinitesimal
generator (under risk-neutral measure).

For the sake of brevity, consider the first touch digital option with the barrier from below
H, maturity 7', on a non-dividend paying stock S;. Therefore, for the one-state Lévy process
X; = In(S;/H) with the generator (7), the derivative price, F'(t, X;), will satisfy the following
partial integro-differential equation (or more general pseudo-differential equation) with the
appropriate initial and boundary conditions. See details in [7, 12].

O+ L—r)F(t,z) = 0, t<T,z>0, (21)
F(T,z) = 0, >0 (22)
F(t,z) = 1, t<T, <0, (23)

where a; = max{a,0}. In addition, F' must be bounded.

If the characteristic exponent v is sufficiently regular (e.g. X; belongs to the class of RLPE),
then the general technique of the theory of PDO can be applied to show that a bounded solution,
which is continuous on supp V' C (—o0,T) x (0, +00), is unique — see, e.g., [27].

6



3 Laplace transform in the context of the FWHF-method

3.1 Numerical Laplace transform inversion: an overview

The Laplace transform is one of the classical methods for solving partial (integro)-differential
equations which maps the problem to a space where the solution is relatively easy to obtain.
The corresponding solution is referred to as the solution in the Laplace domain. In our case,
the original function can not be retrieved analytically via computing the Bromwich’s integral.
Hence, the numerical inversion is needed.

We refer the reader to [2] for a description of a general framework for numerical Laplace
transform inversion that contains the optimized version of the one-dimensional Gaver-Stehfest
method.

Recall that popular in computational finance the Gaver-Stehfest algorithm for inverting
Laplace transforms is related to the Post-Widder inversion formula If f(7) is a function of a

nonnegative real variable 7 and the Laplace transform f fo e~ f(7) dr is known, the
approximate Post-Widder formula for f(7) can be written as
f(r) = lim fy(7); (24)
N—oo

where f(™M()\) — Nth derivative of the Laplace transform f at \. It is well known that the
convergence fn(7) to f(7) as N — oo is slow (of order N71), so acceleration is needed. In
order to enhance the accuracy, [1] suggests a linear combination of the terms, i.e.,

fum(T) =D w(k,m) fan(7), (26)
k=1

LA

Kl(m — k)

In this case, convergence fy,,(7) to f(7) is of order N~=™.

The methods of numerical Laplace inversion that fit the framework of [2] have the following
general feature: the approximate formula for f(7) can be written as

N
%Zwk-f(%>, 0<T7 < o0, (28)
k=1

where N is a positive integer and «y, wy are certain constants that are called the nodes and
the weights, respectively. They depend on N, but not on f or on 7. In particular, the inversion
formula of the Gaver-Stehfest method can written in the form (28) with

w(k,m) = (=1)"*

N = o (29)
ar = kln(2) (30)
()@ "= i ke
N =D DN Lale e el (31)
J=[(k+1)/2)]

where [z] is the greatest integer less than or equal to z and CF = #’,K, are the binomial

coefficients. Because of the binomial coefficients in the weights, the Gaver-Stehfest algorithm
tends to require high system precision in order to yield good accuracy in the calculations.

7



From [41], we conclude that the required system precision is about 1.1 N, when the parameter
is N. In particular, for N = 14 standard double precision gives reasonable results. Since
constants wy do not depend on 7 they can be tabulated for the values of n that are commonly
used in computational finance (e.g., 12 or 14).

The precision requirement is driven by the coefficients wy in (31). Such a high level of
precision is not required for the computation of the transform f.

3.2 The Fast Wiener-Hopf factorization method

We briefly review the framework proposed by [28]. The main contribution of the FWHF-method
is an efficient numerical realization of EPV-operators £, £ and £~.

Recall that we consider the procedure for approximations of the Wiener-Hopf factors for
the symbol ¢/(q + ¢ (&)) with ¢ being characteristic exponent of RLPE of order v € (0;2] and
exponential type [A_; A\;|. The first ingredient is the reduction of the factorization problems to
symbols of order 0, which stabilize at infinity to some constant.

Introduce functions

A(E) = N7 +i8) ™5 (32)
MO = (A (A (33)
2(€) = q(a+ O (OA () . (34)

Choices of v, and v_ depend on properties of ¥, hence on order v (see (10)—(11)) and drift pu.
See details in [28]. First, approximate ® by a periodic function with a large period 27 /h, which
is the length of the truncated region in the frequency domain, then approximate the latter by
a partial sum of the Fourier series, and, finally, use the factorization of the latter instead of the
exact one.

Explicit formulae for approximations of ¢* have the following form. For small positive h
and large even M, set

h h mh ickh
be =5 o In®(&)e ®Fde,  k#£0, (35)
M/2 -1
bia(€) =Y bi(exp(ibkh) = 1), by (&)= Y bi(exp(igkh) — 1); (36)
k=1 k=—M/2+1
(&) m exp(by 1, (€)), 0, (€) = AL()DT(9). (37)

The computational complexity of the Fast Fourier Transform based realization of (35)-(37) is
O(M In M), where M is a number of points.

We can apply this realization both after the reduction to symbols of order 0 has been
made, and without this reduction. In the latter case, AL = 1, and we obtain a Poisson type
approximation.

It is well-known that the limit of a sequence of the Poisson type characteristic functions is
infinitely divisible characteristic function. The converse is also true. Every infinitely divisible
characteristic function can be written as the limit of a sequence of finite products of Poisson
type characteristic functions. Since () is the characteristic exponent of Lévy process, then
the function ¢/(q + ¥(§)) is infinitely divisible characteristic function.
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3.3 Alternative approximate factorization formulae

If a Lévy process X; belongs to the class RLPE, then the following integral representations for
o7 (£), ¢ (€) are valid (see details in [7]):

Gi(6) = exp {(27”')1 / o Mdn}; (38)

—00+1iw_ 77(5 - 7])

€)= exp|-(nit [ Enla+um)
o7 (6) = p[ (2ri) /Mm i dn}, (30)

where w_ < 0 < wy with w_,w, depending on the Lévy process X; parameters. Notice that
the direct computation of ¢ (£) and ¢ (§) require O(NM) operations, where N is a number
of &-points and M is a number of points for numerical integration in (38)-(39). It makes these
formulae very expensive from computational point of view (compare with (35)-(37)).

Below we suggest new formulae for ¢ (), ¢, (§) which will improve the computational
complexity.

Theorem 3.1 Let a Lévy process X; belongs to the class RLPE. Then there exist constants
W_,wy, w_ <0 <wy such that

a) qﬁj(é‘) admits analytical continuation into half-plane I > w_ and can be represented as

follows:
67(6) = exp [i€FH(0) - €F4(9)] (40)
FH0) = Yap@ien [ e, (a1
—00+1w_ 77
A +OO N
FHE) = / e FY (x)da. (42)
b) ¢, (&) admits analytical continuation into half-plane S§ < w, and can be represented as
follows:
67(6) = exp|—itF~(0) - €F7(9)], (13)
+oo+iw )
F) = peo@en [ et 0, (1)
—oo+iw4 n
A +OO .
F(e) = / =% B () da. (45)

The proof of Theorem 3.1 follows from a simple idea to represent the integrand in (38)-(39) as

follows:
§In(g +9(n)) _ In(g+4(n)) (_§+ £ )
n(§—n) Uk §—n
It is easy to see that the formulae in Theorem 3.1 can be efficiently realized by means of the

Fast Fourier Transform with the computational complexity O(M In M), where M is a number
of points.




3.4 A FFT-based realization of Wiener-Hopf operators as PDOs

Approximants for EPV-operators can be efficiently computed by using the Fast Fourier Trans-
form (FFT) for real-valued functions. Consider the algorithm of the discrete Fourier transform

(DET) defined by

=

-1

Gy = DFTg|(l) = ) gee*™* /M 1 =0, .., M~—1. (46)

>
Il
<)

The formula for the inverse DFT which recovers the set of gi’s exactly from G;’s is:

1 M-—1
i G 2mkM e — 0, M — 1. (47)
=0

g = iDFTG)(k) =

In our case, the data consist of a real-valued array {g; }2L,. The resulting transform satisfies
Gy = G;. Since this complex-valued array has real values Gy and G M/2, and M /2 — 1 other
independent complex values G, ..., Gyr/2—1, then it has the same “degrees of freedom” as the
original real data set. In this case, it is efficient to use FFT algorithm for real-valued functions
(see [36] for technical details). To distinguish DFT of real functions we will use notation RDFT.

Fix the space step h > 0 and number of the space points M = 2™. Define the partitions

of the normalized log-price domain [—MTh; MTh) by points z;, = —MTh +kh, k=0,...,M —1,
and the frequency domain [—7; 7] by points § = %, | =—M/2,...,M/2. Then the Fourier

transform of a function g on the real line can be approximated as follows:
§(&) ~ he™RDFT[g](l), 1=0,...,M/2.

Here and below, Z denotes the complex conjugate of z. Using the notation p(¢) = q(g+v (€)™,
we can approximate &;:

(£,9)(xx) = iRDFT[p. « RDFT|g]|(k), k=0,...M — 1. (48)

Here and below, .x is the element-wise multiplication of arrays that represent the functions.
Further, using (35)-(37) or Theorem 3.1 we define p*(§;) as approximate values of phz’i(&),
Il =—M/2,...,0. The action of the EPV-operator Eqi is approximated as follows:

(&59)(x) = iRDFT[p*.« RDFT(g]|(k), k=0,...,M — 1. (49)

3.5 The Gaver-Stehfest algorithm and the FWHF-method

In our study we apply the Laplace transform to the problem (21) for pricing barrier options
under Lévy models. Then we solve the corresponding problem in the Laplace domain at real
positive values of the transform parameter specified by the Gaver-Stehfest algorithm.

We introduce a new variable 7 = 7' — t. With a new function f(7,z) = F(T — 7,z) the
problem (21)-(23) turns into

(O, +r—L)f(r,z) =0, x>0,7>0, (50)
f(rx)y=1, x<0,7>0, (51)
f0,2)=0, x>0, (52)

10



Then we introduce a new function v(7,z) = f(7,x) — 1, and we obtain

(87_ +r— L)U(T, q;) = -, x>0,7>0, (53)
o(r,2) =0, 2<0,7>0, (54)
v(0,2) =1, z>0. (55)

The Laplace transform of v(7, ) with respect to the time variable is defined by

(N, ) ::/ e (T, x) dr,
0

where A is a transform variable with positive real part, A > 0. To be specific, in subsequent
study we assume that A € R,. The standard rules yield

O:v(t,x) = AM(\ x) —v(0,2), Lu(t,z) — Lo(A, x).
Applying Laplace transform to (53), we obtain that o(\, x) satisfies the following equation:
A+r—Lya\z)=—-A+rA", x>0, (56)
subject to the corresponding transformed boundary condition
(A, z) =0, 2 <0. (57)

Given n, we can use the Gaver-Stehfest inversion formula for 9(\, ) provided that the solutions
to the problem (56),(57) are found at A = kIn2/T, k=1,..., N (see (28)—(31)).

Set ¢ = A+ r and denote by 1(o () the indicator function of (0,400). A general class
of boundary problems

u(z) = 0, x<O0; (59)

that contains the problem (56)-(57) was studied in [7]. It was shown that the unique bounded
solution to (58)-(59) is given by

L,
u(z) = 5 (Eq 1(07+oo)5q+g) (). (60)
Taking into account that g(x) = (A + r)A~! and simplifying (60), we obtain

(A, @) = =ATE L (p400) (7). (61)

Now, the Fast Wiener-Hopf factorization method [28] can be applied. Since the approximate
expressions for the Wiener-Hopf factors gz%({) are available (see 35), one can calculate v(\, )
quite easily using formulae (49).

It follows, that the computational complexity of the developed algorithm (as well as the
FWHF-method) is O(NM In M), where M is a number of points in the log-price space; in the
case of the FWHF-method, N denotes the number of time steps. The Gaver-Stehfest algorithm
produces rapid convergence results already using N = 10 — 14 apart from the FWHF-method
with N being of order 400 —800. Hence, the new method is computationally much faster (often,
dozens of times faster) than the original FWHF-method constructed in [28].
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Our new method enjoys an additional appealing feature: it produces a set of option prices at
different spot levels. Notice that in the case of the known Laplace transform methods, one must
perform numerical Laplace inversion separately for each initial spot price of the underlying.

Our new algorithm provides increasing accuracy as N in the Gaver-Stehfest inversion for-
mula increases. However, if N > 14 good accuracy results can be achieved only using a
multi-precision computational environment.

The method based on the Post-Widder formula (see the next subsection) achieves similar
performance to the method proposed here; however, the former method does not require high
precision.

Remark 3.2 The problem (56),(57) can be also solved by a finite difference method (e.g. [13,
33, 30]). Since the number of time steps in finite difference schemes is sufficiently large (several
hundreds, or thousands), we can significantly improve the speed of such methods.

3.6 The Post-Widder formula or Carr’s randomization

In this subsection, we propose the second new approach to pricing barrier options which involves
the numerical Laplace transform inversion formulae (26), (27). Recall that we are looking for
the solution v(7, z) to the problem (53)-(54) at 7 =1T.

Applying the Laplace transform to the corresponding PIDE, we consider the problem (56),
(57) in the Laplace domain, once again. As a basis for the Gaver-Stehfest algorithm, it was
established a discrete analog of the Post-Widder formula (24) involving finite differences to
approximate Nth derivative of the transformed function. In fact, for performing numerical
inversion we need to find OYo(\, x).

We have, on differentiating both sides of the equations (56) (57) with respect to A:

A+r—L)0\o(A\,x) = —o(\z)+ /\Q,x > 0, (62)
hvo(A\z) = 0, 2<0. (63)

Repeating this procedure, for all £ = 1,2,..., N — 1, we obtain a sequence of the following
problems

—1 k+1

oA\, z) = 0, x<0. (65)

Fix an integer N > 1, and set A7 = T/N, A = 1/Ar. Then we introduce the following
functions:

0(@) = ~Lioao(2): (66)
B (_1)k 1 k+1 . 1 B
vpr1(z) = o N N A k=0,..,N —1. (67)
It follows that .
N <Ex) = (=) AT vy (@), =0,...,N — 1. (68)

Substituting expressions 1/At for A and (68) for 950 (5=, z) into (64)-(65), simplifying and
eliminating the multipliers from the final set of equations, one finds for £ =1,..., N:

(4= Donle) = qowea(@)—r 23>0 (69)

ve(x) = 0, z<0, (70)
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where ¢ =7+ 1/AT.

The sequence vi(z), k =1,2,..., N + 1, is determined recurrently by means of the problem
(69), (70) at each step k. It follows from [7] that the unique bounded solution to the problem
(69), (70) is given by

1
AT
Once again, the Fast Wiener-Hopf factorization method [28] can be applied. Moreover, the
only one approximate formula for Wiener-Hopf operator £ (49) is needed at the last step. At
all intermediate steps, the exact analytic expression ¢/(q + (&) is used (see (48)). Indeed, set

Vk 5(; 1(07_‘_00)5;(1%,1 - TAT). (71)

w1 = L(0:400)E; (Vo — TAT) = L(g100) (—1 — TAT). (72)
For k =2,... N, define
Wi = 1(0;400)E, (Vk—1 — P AT). (73)
Then
v = (qAT) ' E Wy (74)
Using the Wiener-Hopf factorization formula (19), we obtain that for k =2,..., N
Wi = 1(0,400) (2) ((AT) " Eqwp—1(x) — rAT). (75)

Since we are looking for vy (x), we need to apply the formula (74) at the step k = N only.

Finally, we take into account the Post-Widder formula (24)-(25). As a result, we conjecture
that the solution vy (x) to our problem converges to the unknown solution v(7, z) of the problem
(53)-(54), as N gets arbitrarily large with 7" held fixed.

Unfortunately, the Post-Widder formula provide a very poor approximation (of order N71).
See details in Subsection 3.1. For example, v1g00(2) may yield an estimate to v(7, z) with only
two or three digits of accuracy. To achieve a good approximation, a convergence acceleration
algorithm is required for the sequence vy(z). A good candidate is the summation formula
(26)-(27) (see [1]). We start with the choice N =5 and m = 3, and increase them if necessary.

Given parameters N and m in (26)-(27), the computational complexity of the developed
algorithm is O(NoM In M), where M is a number of points in the log-price space, and Ny =
N(m+1)m

%he new enhanced FWHF-method based on the Post-Widder formula produces rapid con-
vergence results already using N = 10 and m = 3. Hence, the new method is computationally
much faster than the original FWHF-method developed in [28].

The second new method achieves similar performance to the first one constructed in the
previous Subsection. Our new algorithm provides increasing accuracy as N and m in the formula
(26) increase. At the same time, the method does not require a multi-precision arithmetic.

Remark 3.3 Notice that our value v (z) is also the approximation for the solution v(kAT, )
to the problem (53)-(54) which arises when time is discretized and the derivative O;v(kAT, x)
in (53) is replaced with the finite difference:

(1/A7)(v(kAT, ) —v((k — 1)AT, x)).

The notion of discretizing time while leaving space continuous is known in the numerical
methods literature as the method of horizontal lines or Rothe’s method [38]. Carr’s random-
ization procedure [9] indicates an alternative probabilistic interpretation of the approrimation
induced by our procedure. Notice that Carr’s randomization was successfully applied to the
valuation of (single and double) barrier options in a number of works.
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Taking into account properties of the Post-Widder functionals (25) (see the corresponding
results in [20, 21]) and the method of lines interpretation obtained we conclude that the following
proposition holds.

Proposition 3.4 Let X; be a RLPE with an infinitesimal generator (7), v(T,x) — solution to
the problem (53)-(55); U](»N) (T,z), j=N —1,N —2,....,0 — consequence of the solutions to the
problems (64)-(65) with v(()N)(T, z) = —Lg100)(2), ¢ = AT 4+ 1 and AT = T/N. Then for
each fized x the following properties hold:

e the upper and lower bounds are —1 < U](VN) (T,z) <0, N >1;

e the number of roots of the equation UJ(VN) (T, z) = C with respect to T does not exceed the
number of roots of the equation v(T,x) =C, N > 1, C > 0;

e the following asymptotic formulae are valid:

U](VN)(T, z)—v(T,x) ~ i CJ(‘Z;;@ , N — 00 (76)
f:w(k,m)v](vj\,ik)(T, 2)—v(T,z) = O(N™),N = oo (77)

where m € N, w(k, m) are defined by (27).

Remark 3.5 As a result, we conjecture that the method of lines (or Carr’s) approximation
to the value of a finite-lived first touch digital option always converges to the actual value for
a wide class of Lévy processes. Moreover, we provide the order of the convergence: O(N™1),
where N is the number of time steps.

Notice that in the case of first touch digital options, the Fourier integral (9) for the function
v diverges as £ € R. In order to apply our Fourier transform based approach we need to use
a trick with weight functions.

Let a characteristic exponent 1 of Lévy process X; is holomorphic in S € (A_;Ay), A_ <
—1 < 0 < Ay. The condition holds for RLPE, in particular. Fix a real number w, A_ < w < 0,
and introduce functions w¥(z) = w;(z)e“*. Set ¢, = ¢ + ¥ (iw) and consider the operator &,
with symbol q,(q, + 1¥1(€))™t, where ¥ () = ¥(€ + iw) — ¥(iw). Tt is easy to check that the
following relation is valid.

L )
q€,, = €T, (79)

Taking into account (79), the formula (75) can be rewritten in terms of the functions w¥ ()

as follows:
W% (x) = L(0p400) (2) ((qAT) ' Eqws (x) — rATE™). (80)

J
The modified algorithm includes the following steps:

e find w{(z) using (72):
wy () = e L (01400) (2) (=1 = rAT);

e j=2,...,N, find wy(x):
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e define vy (z) by the formula (see (78) and (74)):
uy(z) = (quT)_le_wx¢;(iw)c‘,’;uw]“\’,(x),

where ¢ (iw) can be find by the formula (39).

4 Numerical examples

In this section, we compare the performance of the new two methods and the original FWHF—-
method. In numerical examples, we implement the algorithms of the enhanced FWHF-methods
described in Subsection 3.5 and in Subsection 3.6. We will refer to these algorithms as the
FWHF&GS-method and FWHE&PW-method, repectively. The valuse were calculated on a
PC with characteristics Intel Core(TM)I5 CPU, 1.8GHz, RAM 4Gb, under Windows 8.1.

We will show the advantage of the new methods in terms of speed over the original FWHF-
method. The two examples, which we analyze in detail below, are fairly representative. The
localization domain in both examples is (Zpin; Tmax) With Ty = —In2 and 2. = In2; we
check separately that if we increase the domain two-fold, and the number of points 4-fold, the
prices change by less than 0.0001.

Firstly, we will compare the first passage probabilities from the FWHF&GS-method and
the FWHF&PW-method against probabilities obtained using explicit formulae for the Wiener-
Hopf factors under Laplace transform and reported in [26]. Notice that the method in [26]
requires a high precision arithmetic, and we will use the probabilities from Table 1 and Table
2 in [26] as the benchmarks. Table 1 reports the first passage probabilities P [T < T under
Kou model with parameters: Ay = 33.33, A_ = =50, ¢, = 1.5, c. = 1.5 for two drift levels:
positive (@ = 0.1) and negative (@ = —0.1). The initial value of a stock Sy = 1, the barrier
H = exp(0.3) ~ 1.349858808, and time 7" = 1. The parameters are taken from [26] with
corespondent reparametrization (see Example 2). Notice that in [26], 7" is a first entrance of
Siinto [H,400). The results from the FWHF&PW and FWHEF&GS methods converge very
fast and agree with the probabilities in [26].

As a second example, we consider the first touch digital option with barrier H from below
and time to expiry 7' in KoBoL (CGMY) model of order v € (0,1), The parameters of the
model are 0 = 0, v = 0.5, Ay = 9, A\_ = =8, ¢ = 1. We choose instantaneous interest
rate r = 0.072310, time to expiry T = 0.5 year, and the barrier H = 90. In this case, the
drift parameter p is approximately zero. Table 2, reports prices for first touch digital options
calculated by using the FWHF method with very fine grids, and FWHF&PW and FWHF&GS
methods. The options are priced at the spot level S = 100. The prices from the FWHF&PW
and FWHF&GS methods converge very fast and agree with the prices obtained by the original
FWHEF.

We see that FWHF&PW and FWHEF&GS methods in both examples produce sufficiently
good results in just several dozens of milliseconds.

5 Conclusion

In the paper, we show the advantages of the Laplace transform-based approach in the con-
text of the pricing first touch digital options in exponential Lévy models. In particular, we
show that the computational efficiency of the numerical methods which start with the time
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Table 1: Kou model: first passage probabilities P [T < T

A

The method KW FWHF&PW FWHF&GS FWHF
Parameters | N =10 h = 0.0001 h = 0.001 h =0.0001 | h=0.001 | h=0.0001
N=5m=3| N=5m=3 N=14 N=14 N = 2000

w=0.1 0.25584 0.25579 0.25522 0.25591 0.25673 0.25573

w=—0.1 0.06122 0.06121 0.06098 0.06125 0.06158 0.06119

CPU-time
(sec) 0.29 0.029 0.39 0.039 11.3 ‘
Kou model parameters: Ay = 33.33, A\_ = =50, ¢4 = 1.5, c_ = 1.5.

Option parameters: Sy =1, H = exp(0.3) ~ 1.349858808, T' = 1.
Algorithm parameters: h — space step, N — number of time steps (or the parameter of the FWHF&PW and
FWHF&GS methods), m — number of terms in the acceleration formula

Table 2: KoBoLL(CGMY) model: option prices

FWHF FWHF&PW FWHF&GS
Spot h =0.0001 | h=0.001 | h=0.001 | A =0.0001 | h=0.001 | A =0.0001
price N = 1600 N=5 N =10 N =10 N =14 N =14
S =100 0.36626 0.36430 0.36435 0.36629 0.36558 0.36426
CPU-time
(sec) 4.2 0.015 0.024 0.21 0.025 0.22
KoBoL parameters: v = 0.5, A\ =9, A_ = -8, ¢c=1, u= 0.

Option parameters: H = 90, » = 0.072310, 7" = 0.5.
Algorithm parameters: h — space step, N — number of time steps (or the parameter of the FWHF&PW and
FWHF&GS methods), S — spot price.
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discretization can be significantly enhanced (often, in several dozen of times) by means of the
Laplace transform technique.

Moreover, we propose two new fast and accurate methods for pricing barrier options in
wide classes of Lévy processes. Both methods use the numerical Laplace transform inversion
formulae and the Fast Wiener-Hopf factorization method developed in [28]. The first method
uses the Gaver-Stehfest algorithm, the second one — the Post-Widder formula. In the present
paper we also suggest new Wiener-Hopf factorization formulae which can be also efficiently
implemented into the methods.

Numerical examples show that the new methods are computationally much faster (often,
dozen of times faster) than the original FWHF-method constructed in [28]. Our new methods
enjoy an additional appealing feature: they produce a set of option prices at different spot
levels, simultaneously.

The method based on the Post-Widder formula achieves similar performance to the method
which uses the Gaver-Stehfest algorithm; however, the former method does not require high
precision.

We notice that Carr’s randomization procedure in [9] indicates an alternative interpretation
of the approximation induced by our second method. As a result, we conjecture that Carr’s
approximation to the value of a finite-lived digital option always converges to the actual value
for a wide class of Lévy processes. Moreover, we provide the order of the convergence and some
properties of the approximate prices.

The framework proposed in the paper can be extended to regime switching Lévy models.
The method based on the Post-Widder formula under regime switching in Lévy-driven models
was implemented into the program platform Premia (www.premia.fr). Premia is a software
designed for option pricing, hedging and financial model calibration.
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